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Geographic Research on Hate Crimes and Incidents: Approaches for Advancing
Inclusive Practices

Abstract

COVID-19, originally reported in China, has brought an increase in anti-Asian and Asian American hate
incidents and crimes in the United States. However, research on hate incidents and crimes are relatively
new in the field of geography. To provide better ways to investigate hate crime incidents against Asians
and Asian Americans during COVID-19, this article draws on various research methods from existing
studies on hate crimes. Geographers have focused attention on minority groups linked to different
geographic scales, and non-geographic studies have focused mainly on psychological symptoms and
impacts on health. Even though existing studies have helped broaden the knowledge of the subject, the
geographic aspects of the issue require further examination. This article suggests that geographers
should pay more attention to four aspects of research in hate crimes and incidents for future research:
avoiding oversimplified concepts, reconsidering relational aspects within the local community, identifying
intersectionality and everydayness of people, and engaging more with the practice of the law enforcement
and the local communities.
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1 INTRODUCTION

The spread of coronavirus disease (COVID-19), which was first reported in Wuhan,
China in January 2020, has increased anti-Asian incidents. COVID-19 is referred to as
the “Wuhan virus” or “China virus,” specifically by conservative political party members
and the former president of the United States under the assumption that China is the
source of the disease (Reny and Barreto 2022). Moreover, the recent political and trade
tensions between the United States and China contributed to the politicization of
COVID-19 (Perry et al. 2021). The pandemic has also revealed their hostility toward
mostly Asians, manifested in verbal or nonverbal harassment and physical attacks
(Reny and Barreto 2022). Political strategies to stigmatize these groups brought an
increase in anti-Asian incidents and xenophobia through “othering” where
conservative political groups treat Asians and Asian Americans as the source of the
disease (Reny and Barreto 2022; Li and Nicholson Jr. 2021).

Since 2020, the number of anti-Asian incidents reported in the United States has
increased. Overall, it is difficult to find data about anti-Asian incidents, but reported
anti-Asian hate crimes increased from 33 to 133 cases between 2020 and 2021 in New
York City, a 313% increase (Jeung et al. 2021). In addition, other large American cities,
such as San Francisco and Los Angeles, reported a higher number of anti-Asian hate
crimes in the same period than other cities (ibid.). The victims of the reported anti-
Asian incidents were mainly from vulnerable groups (i.e., women [63.3%] and seniors
[7.1%]) (Jeung et al. 2021).

Asians have experienced various hate incidents in public spaces such as streets
and subway stations in large metropolitan areas in the United States as well as online
(Jeung et al. 2021). Perpetrators can easily target Asians because of their appearance,
regardless of their nationality or ethnic identity (Pan et al. 2021). Many Asians have
expressed anxiety about being a victim of an anti-Asian incident during the pandemic
(Lee and Waters 2021; Tessler et al. 2020). In many cases, Asians who reported the hate
incidents revealed that they occurred in public spaces (Jeung et al. 2021), and certainly,
this has changed the majority of Asians and Asian Americans’ emotions and feelings
about places, such as streets and campuses, where their everyday lives occur (ibid.).

Despite the rise in hate crimes and incidents (HCI) in the United States after
COVID-19, limited geographic research has addressed this topic (Harwood et al. 2018).
Thus, we introduce how geographic research methods on hate crimes have changed
over the years and have contributed to widening our knowledge of the geography of
HCI. Furthermore, we explain how geographic studies of HCl are understood in
geographic concepts and how data on HCI have affected three research methods,
guantitative, qualitative, and mixed methods of studies on HCl in this article. First, we
address what aspects of HCI have been investigated and what methods have been
widely used for HCl studies. Secondly, we explore how geographic studies have evolved
and how geospatial technology has widened our understanding of geographic research
on HCI. Lastly, we suggest new directions of research on HCI against Asians and Asian
Americans in the United States in the era of a long-term COVID-19 pandemic.
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2 HATE CRIMES AND INCIDENTS STUDIES

In this section, we examine how different approaches, including qualitative,
guantitative, and mixed methodologies were used in studies of HCl in multiple
disciplines, such as criminology and psychology. Some of the trends in the recent
studies on HCl are widening the research scope from the physical space to online space,
investigating the process of spread of misinformation, and the victims’ emotions (Lyu
et al. 2023; Rowe et al. 2021; Uyheng and Carley 2021; Veldsquez et al. 2020; Ziems et
al. 2020).

2.1 Quantitative Research Methods

Data availability and analysis are crucial for quantitative methods in HCl research. With
the development of information and technology, much research has dealt with various
analytic methods of large data collected from social media (refer to Appendix 1 for
references). Among studies on HCI, one of the recent trends is identifying the
relationship between HCI and social media use (Lyu et al. 2023; Rowe et al. 2021;
Uyheng and Carley 2021; Velasquez et al. 2020; Ziems et al. 2020). Krackhardt and Stern
(1988, as cited in Mohar 1989) argued that there were potentially shared structural
conditions among hate clusters for the effective spread of hate in online communities,
for example, the cluster size of hate communities and patterns of hierarchical
connection between agents in the cluster (Mohar 1989).

Several studies on HCl investigated the patterns and dynamics of online clusters
in HCI by analyzing large-scale data using statistical methods (Lyu et al. 2023; Rowe et
al. 2021; Uyheng and Carley 2021; Veldsquez et al. 2020; Ziems et al. 2020). For
example, Uyheng and Carley (2021) compared characteristics of the HCl among online
clusters of different countries using Twitter posts during COVID-19. The study
developed community-level hate metrics and proposed a dynamic network framework
using cluster and identity target analysis. The dispersion of HCl in online communities
is associated with the number, sizes, and structure of the clusters. As a result, higher
levels of HCl were consistently associated with smaller, more isolated, and highly
hierarchical network clusters of tweets. Lyu et al. (2023) analyzed public opinion
toward the #StopAsianHate Movement using logistic regression analysis of Twitter data
in 2021. The research found the movement attracts more participation from women,
younger adults, Asian, and Black communities. Public opinion varied across user
characteristics, including demographic and socio-economic status. Rowe et al. (2021)
measured changes in public sentiment opinion about migration during the COVID-19
pandemic in five countries in Europe and North America. The study demonstrated that
migration-related tweets increased in the study areas, showing social polarization of
high concentrations of strongly positive and strongly negative sentiments on migration.

Second, another trend of HCI research has focused on the mechanisms of
diffusion of online hate (Miiller and Schwarz 2023; Veldsquez et al. 2020; Ziems et al.
2020). Miiller and Schwarz (2023) revealed that higher Twitter use was positively
related to an increase in anti-minorities hate crimes after the 2016 U.S. presidential
primaries. The study measured the diffusion of Twitter and the relationship between
hate groups using multiple approaches such as a proxy measure, panel regressions, and
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first-difference modeling by county and visualized the distribution of hate crimes and
Twitter usage on maps. Veldsquez et al. (2020) showed that online hate, such as hate
speech, disinformation, and misinformation regarding COVID-19, spread beyond the
control of any individual social media platform. The study used mathematical models
to analyze multiple data networks of several social media, such as Facebook and
Instagram. In addition, Ziems et al. (2020) used machine-learning analysis of Twitter
data to investigate how hateful and counter-hate users interact and engage. Both hate
messages and counter-hate messages were identified and classified into either hate,
counter-hate, or neutral categories using machine-learning models and logistic
regression classifiers. The study revealed that the hate messages were generally more
engaged with anti-Asian tweets and that counter-hate messages could discourage
users from turning hateful in general. In this sense, analysis of the large data set using
guantitative research methods also provides effective ways to prevent and lower the
spread of hate statements online.

Third, other studies on HCI have examined the impact of individual variables at
different levels of data on the analysis of HCI (Zhang et al. 2022; McCann and Boateng
2021; McNeeley and Overstreet 2018; Benier et al. 2016; Van Kesteren 2016). For
instance, Zhang et al. (2022) used the multilevel logistic regression models to compare
the nature and characteristics of HCI against Asian Americans with those against African
Americans and Hispanics. The study adopted a multilevel approach to control the social
contextual variations across counties at individual and county levels because HCI was
nested in the counties of the study areas. At the individual level, variables explaining
the characteristics of individuals, such as age, race, gender, residential status, location,
time, and injury were analyzed. At the county level, variables were analyzed, including
total population, race, and economic factors such as unemployment rate, median
income, and region (Zhang et al. 2022). Studies found that significant differences
existed in the characteristics of hate crimes against race, community, country, and
socio-economic context (Zhang et al. 2022; Stacey et al. 2011; Benier et al. 2016). For
example, using multilevel logistic regression models, Benier et al. (2016) analyzed HCI
in a multiethnic context in Australia from self-reported HCI data. The models were
developed to determine the household-level characteristics (e.g., rental status, income,
indigenous identity, languages spoken, and time) and the neighborhood-level
characteristics (e.g., place, median income, average indigenous identity, average
languages spoken, and mobility) that are more likely to lead to HCI victimization.

Further, Zhang et al. (2022) found all victim-related and most offender-related
variables showed similarities in hate crime between the two groups. However, the
study also found that offenders’ race and all incident-related variables of hate crimes
against Asian Americans were significantly different from those of hate crimes against
African Americans and Hispanics. In addition, Stacey et al. (2011) found positive
relationships between Hispanic population changes and anti-Hispanic hate crimes
using statistical analysis.

In summary, the research about HCI has focused on various topics such as online
clusters of HCI and their diffusion (Mller and Schwarz 2023; Uyheng and Carley 2021;
Veldsquez et al. 2020; Ziems et al. 2020), public sentiment on HCI (Lyu et al. 2023; Rowe
et al. 2021), interactions between individual users of social media (Miller and Schwarz
2023; Velasquez et al. 2020; Ziems et al. 2020), and differences among characteristics
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of HCI (Zhang et al. 2022; McCann and Boateng 2021; McNeeley and Overstreet 2018;
Benier et al. 2016; Van Kesteren 2016). However, most of the works mentioned in this
section do not detail the spatial characteristics of HCl and interactions among
individuals or groups. Moreover, collecting and analyzing the large data set resulted in
the dehumanization and disembodiment of victims (Clayton et al. 2016). In Section 3,
this study introduces other HCI literature that uses geospatial approaches.

2.2 Quantitative Research Methods

Researchers often choose qualitative research methods to understand individual’s
experiences, perspectives, and behaviors because qualitative methods are helpful in
finding answers to the questions of what, how, and why (Creswell 2012). Despite many
qualitative research methods, we would like to focus on interviews (Museus et al. 2016),
focus groups (Vergani et al. 2022; Asquith 2017), and art-based methods (Burch 2022;
Tarr et al. 2018) in qualitative research on HCl in this section.

One hate-related research example using interviews as a main method was a
study by Museus et al. (2016) analyzing multiracial college students’ experiences with
prejudice and discrimination. The authors first conducted two focus groups with 12
mixed-race college students as a pilot study to generate initial codes and improve the
main study design. Then the authors interviewed 22 students individually. By analyzing
the interview responses, the research team identified how the multiracial students
experienced prejudice and discrimination in college (e.g., reducing their multiracial
identity into one race category, rejecting their self-selected identities, excluding them
from a certain racial group, questioning their racial authenticity, exoticizing their
mixed-race status, and presuming their struggle included emotional imbalance).

Second, in addition to interviews, some researchers have conducted their
qualitative inquiries through texts without directly interacting with the victims (Vergani
et al. 2022; Asquith 2017). They often use the textual analysis method to better
understand their topic by analyzing the content, purpose, and underlying meanings of
texts (McKee 2003). This approach helps researchers examine and interpret any hidden
or subconscious political and cultural beliefs in texts—understanding how persons
make sense of the world through texts. Social media, such as Facebook (Awan 2016),
Twitter (Lingiardi et al. 2020), and YouTube (Murthy and Sharma 2019) have been
useful data sources for textual analysis. In social media, individuals express and share
their experiences, beliefs, and ideas, but individuals utilize social media to bully a
specific group based on race, gender, religion, or disability; and they are also used as
storage space for online violence (Chetty and Alathur 2018).

Awan (2016) used content analysis to examine the content and patterns of online
anti-Muslim hate speech posted on Facebook in 2013 and 2014. Content analysis is a
textual analysis approach that focuses on occurrences of particular messages in texts
(Frey et al. 2000). How Muslims are stereotyped and harassed on the internet is
especially important because online hate speech can directly affect a Muslim’s life, and
the internet can also be used to provoke horrific violence against them. Using 494
instances collected from 100 Facebook pages, posts, and comments, the author
identified frequently occurring words (e.g., dirty, extremists, bomb, and rapists) and
characteristics of haters (e.g., opportunists who want to incite violence, deceivers who
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distribute false information, and producers who create anti-Muslim images and videos).
The author also discovered major themes in the content. The haters often described
Muslims as terrorists and rapists and Muslim women as a security threat because of
the hijabs they are wearing. The haters also often talked about a potential war possibly
caused by Muslims and supported deportation orders for Muslims.

Third, another useful qualitative research method for hate studies is art-based.
Participating in art-based activities provides an opportunity for participants to engage
in the meaning-making process, reflect on their own experiences, and express their
experiences and emotions freely in a safe space (Tarr et al. 2018). This approach can be
effective in exploring victimization experiences, which are mostly personal, emotional,
and sensitive stories. Burch (2022) adopted art-based methods for her disability hate
crime study. Seventy-one disabled persons participated in art-based workshops in
which participants created their mood boards using magazines, newspapers, pens and
pencils, and hate-crime-related materials like posters. Because there was no particular
format for creating mood boards, participants expressed their thoughts freely, which
might have been difficult if writing were the only available medium. During the
workshops, the author conducted interviews with some of the participants to examine
the hate crime experiences in their daily lives. Through this method, participants were
able to process their understanding, open their minds, and discuss sensitive topics with
others. Therefore, this approach could be a powerful research tool to help hate-crime
victims share their experiences and understanding openly in a nonintimidating space.
However, the inability to conduct comparative studies was hampered by a few
obstacles, such as nations and organizations defining HCI differently and the varying
methods used to obtain data from victims in each study (Vergani et al. 2022).

2.3 Mixed Methods

There are researchers in hate studies who use both quantitative and qualitative
research methods and data for their studies to reduce bias in data collection and
analysis. By triangulating data sources (i.e., using multiple types of data), researchers
can increase data validity (Creswell and Creswell 2018).

For example, an exploratory sequential mixed method began with a survey about
hate crime victimization to investigate hate crime victimization and was followed by
semi-structured interviews to reveal the complicated experiences of the victims
(Williams and Tregidga 2014; Guerra et al. 2011). In addition to descriptive statistics,
the study adapted survey data to measure how the respondents perceived the effects
of hate victimization differently using statistical models, for example, ordinary least
squares regression models. The study discovered that among the seven categories of
victims—disability, age, gender, sexual orientation, religion or views, race or ethnicity,
and transgender status or gender identity—HCI has the greatest negative impact on
the transgender group. (Williams and Tregidga 2014).

After the quantitative research method, such as the survey, the mixed methods
researchers also adopted the qualitative method, interviews in this case, as a follow-
up approach to explaining the narratives (Mullany and Trickett 2020; Kwan and Ding
2008). The mixed-method research (Williams and Tregida 2014) was careful about
protecting research participants’ identities while the authors conducted interviews.
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The study used various characteristics of hate incidents: 1) victim variables, including
the characteristics of the victims such as gender and age; 2) classifications of crime
variables, including violence, property, threats, and hate incidents; 3) perpetrator
variables, including types of perpetrators, such as a stranger; 4) criminal justice
variables, including crime reporting by police or a third party. They found that the
impacts of the hate incidents were not homogenous and varied by victims’ identities
and the geographic locations of the incidents. In this regard, qualitative and
guantitative research methods are complementary and enrich our understanding of
hate incidents. However, there are challenges associated with generalizing findings to
different levels of analysis, including state and local levels, when employing mixed
methods (Holder 2022).

3 GEOSPATIAL APPROACH TO HATE INCIDENTS AND CRIME STUDIES

Research on hate in the discipline of geography is relatively new (Jendryke and McClure
2019; Iganski 2008; Flint 2004). The discipline of geography has contributed to studies
on crimes by applying geographic concepts and methodologies, such as distance decay
and spatial analysis, to investigate where crimes occurred by mapping to prevent them
(LeBeau and Leitner 2011). Nevertheless, in contrast to crimes, HCl must address
characteristics of a region, especially territoriality, carefully including historical, cultural,
political, and social contexts at various geographic scales. The dominant group of
people defines the characteristics of a place and then they determine who belongs or
does not belong within a place based on differences: race (Nelson et al. 2016), sexual
orientation (Legg and Nottingham Citizens 2021), disability (Hall et al. 2021), political
affiliation (Flint 2004), and economic status (Lopez et al. 2023; Medina et al. 2018).
Thus, HCI reflects socially constructed relations that are embedded in a geographic
territory (refer to Appendix 1 for references).

3.1 Hate Crimes and Incidents in Geography

HCl is hard to define in general. HCl is a type of crime motivated by bias or prejudice
against individuals based on their differences (Schweppe 2021). Most crimes, for
example, property crime or violence, result in actual damage to someone’s property or
body, but HCl is more symbolic, subjective, and complicated than other types of crimes
(Jendryke and McClure 2019). HCI includes actors, both the perpetrators and the
victims, motivations with purposes, and distinctions between “us” and “them" who is
welcomed and who belongs to a geographic area (Vergani et al. 2022). In this regard,
complex socio-economic relationships between different groups living in a region
emerge, and the perpetrators express their anonymity to socially and economically
marginalized persons within a territory (Hall 2014; Chakraborti 2009; Perry and Blazak
2009; Flint 2004). Therefore, HCI can be defined as a series of reactions expressed by
the prevailing group of individuals as they defend their territory against intruders (Hall
2014) via exclusions and hostility (Perry and Blazak 2009; Flint 2004). The geographers
have emphasized the following.
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First, geographers investigate how regions change and reshape their territories.
The dominant group continuously shapes and evaluates the characteristics of a region.
While doing so, the boundaries of a territory are established in response to
demographic changes, such as the entrance of new immigrants in neighborhoods, local
areas, and states. As a result, a geographic area becomes a dynamic entity that provides
a sense of belonging or non-belonging (England and Simon 2010; Perry and Blazak
2009). Many geographers question who are the members of a geographic area and how
the dominant group defines the characteristics of a region (England and Simon 2010;
Flint 2004). For example, the dominant groups usually assume that new immigrants
from developing countries replace them at their work and benefit from social welfare,
especially during times of economic difficulties, and revel in their hostility toward them
(Ryan and Leeson 2011; England and Simon 2010; Perry and Blazak 2009). As a result
of the ongoing process of Othering, spaces of segregation or imaginary boundaries are
created by the dominant group (England and Simmons 2010; Perry and Blazak 2009).

Second, geographers focus on two main geographic features: spatial distribution
and mapping the location of HCI (Lopez et al. 2023; Hall and Bates 2019; Jendryke and
McClure 2019). For example, concentrations of HCl are often found in large
metropolitan areas (Jendryke and McClure 2019; Nelson et al. 2016); thus, cluster
analysis of HCl is meaningful (Lopez et al. 2023). Larger metropolitan areas with greater
demographic diversity are more likely to encounter distinct groups of individuals than
less dense rural areas (Nelson et al 2016; Valentine 2013). In addition to locations of
HCI, a time variable, such as important geopolitical event (e.g., 9/11), result in higher
chances of HCl in cities (Nelson 2016; Valentine 2013). However, due to a paucity of
national-level data in the United States, most research on HCI relies on self-reporting
or victim surveys (Kim et al. 2023; Harwood et al 2018). Thus, predicting the geographic
locations of prospective HCl sites is challenging to investigate.

Third, geographers explore everyday geographies in different locations,
including public spaces and neighborhoods, where victims meet with both strangers
and neighbors (Hall 2022; Hall and Bates 2019). The concept of HCl includes both
criminal and non-criminal aspects of human behaviors toward different people (Kim et
al. 2023), so the spatiality of a place and its territoriality, where power relations and
societal hierarchy are embedded, assumes critical importance. Victims encounter
either strangers or neighbors in their everyday places, making it difficult for them to
escape and avoid the perpetrators in their everyday geography (Clayton et al 2022; Hall
and Bates 2019). Furthermore, (im)mobility of the victims in HCl is another term that
should be understood spatially, given the nature of geographic characteristics of HCI.
Fourthly, geographers use a variety of research methods to examine how individuals
feel in different parts of the city (Steger et al. 2021; Larsen et al. 2015). For example,
Hall and Bates (2019) examined how disabled persons perceive their emotions about
the city where they live. Using mixed methods, walking interviews, and focus groups,
the participants identified places where they felt safe/welcomed and unsafe/anxious
using colored pens on a map and shared their experiences. Geographers also examined
how people develop their strategies to cope with such situations.
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3.2 Spatial Analysis of Hate Crimes and Incidents in Geography

Because of these limitations, research on HCI that uses spatial data requires a different
methodology than that which uses a generic regression model. Even though using
spatial data has enabled scholars to explain the criminality of sites between nearby
places, this violates one of the major assumptions: the independence of the event
(Radil 2016; Bernasco and Elffers 2010). According to Tobler's First Law of Geography,
“Everything is related to everything else, but near things are more related than distant
things” (Tobler 1970, p. 236). Within a certain distance, each geographical unit of
analysis is not independent, and one unit may affect the characteristics of other units
and vice versa. Thus, the results of quantitative analysis of HCI data may be biased if
spatial interdependency of areal units is not considered (Bernasco and Elffers 2010). To
avoid such problems, small geographic units should be considered for studies on HCI
and a more cautious approach to test these spatial autocorrelations can be used (Groff
et al. 2009; Townsley 2009).

Investigation of the relationship between variables of HCI and locational impact
on HCl research becomes important (Lee and Waters 2021; Medina et al. 2021; Herbert
2020; Jendryke and McClure 2019; Bernasco and Elffers 2010; Wei et al. 2010). For
instance, Jendryke and McClure (2019) identified causal relations in HCI while focusing
on spatial aspects of HCl using quantitative methods. The study found that spatial
dependency existed in the United States in the presence of hate groups and hate crimes
regardless of the size of the areal units. The work used a geographically weighted
regression to account for the sparseness and overdispersion of the datasets by
exploring the association between dependent and independent spatial variables.

Another method, the spatial lag model, revealed the detailed spatial association
between hate groups and hate crimes per spatial unit by including spatial weights on
the distance between the hate groups and the hate crimes (Hendryke and McClure
2019). The study visualized the results on colocation maps to show the positive spatial
correlation between hate groups and hate crimes. Furthermore, Herbert (2020)
demonstrated correlations among variables using statistical analyses and mapping of
FBI hate crime data. The maps revealed the spatial unevenness that reflected social
inequities in applying legal practices regarding hate crimes. In addition, Medina et al.
(2021) analyzed the socioeconomic and ideological drivers of HCI with correlations in
the United States by using spatial statistics and mapping. The study visualized
distributions of the coefficients for socioeconomic and ideological variable effects on
HCI per county on maps. Results of the study indicated that the correlations among the
socio-economic variables were more substantial as the distance from the Northeastern
United States increased, and the Northeast and Midwest regions showed the strongest
correlations among the variables (Medina et al. 2021).

There are other recent works that have focused on racial discrimination (Lee and
Waters 2021; Wei et al. 2010). Wei et al. (2010) demonstrated how
individual/collective and dispositional/situation-specific coping strengthened the
relationships among Asian Americans based on a survey in a Midwestern state
university in the United States. The study used hierarchical regression analysis to
examine relations between a dependent variable, such as depressive symptoms, and
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an independent variable such as racial discrimination stress. Results from the
hierarchical regression analysis illustrated that racial discrimination stress significantly
predicted depressive symptoms beyond perceived general stress and perceived racial
discrimination.

Another study by Lee and Waters (2021) employed convergent mixed methods
to analyze the racial discrimination experiences of Asians and Asian Americans living in
the United States during the COVID-19 pandemic. The authors surveyed 410
participants using multiple survey questionnaires previously developed for
investigating the impact of COVID-19: racial discrimination, social support, and mental,
physical, and sleep health. They analyzed data using descriptive statistics, correlations,
and regression analysis. The authors also asked one open-ended question regarding
the participants’ specific discrimination experiences due to the COVID-19 pandemic
and analyzed the responses using content analysis. The results showed that about 33%
of the participants experienced more racial discrimination during the pandemic and
that it negatively affected their health. The qualitative analysis revealed that the
participants had personally experienced discrimination, including microaggressions
and overt racial discrimination. They also reported that racially diverse communities
and social distancing helped some participants avoid exposure to discrimination.

In addition, a group of studies has emphasized spatiotemporal aspects of HCI
research (Hall et al. 2021; Wenger and Lantz 2021; Bernasco and Elffers 2010). For
example, Hall et al. (2021) argued that research on the spatiotemporal aspects of
COVID-19-affected groups could help enhance the public health response to the
pandemic. The study reported racial discrimination related to the pandemic, including
anti-Asian and anti-Chinese racism and systemic barriers in the care and safety that
members of various minority groups experienced. In addition, Wenger and Lantz (2021)
examined the spatiotemporal concentration and consistency of HCI in Washington, D.C.,
by testing spatial point patterns of HCI using a local similarity index (S-index) and a
global S-index. The local S-index measured the changes in HCI in each geographic unit,
and the global S-index measured the temporal characteristics of HCI for larger
geographic units. The study revealed a spatial concentration of hate crimes by pairwise
comparisons of the S-indices. For instance, hate crimes in Washington, D.C., from 2012
through 2018, occurred at only about 4% of street segments and intersections of the
city. The study demonstrated that hate crimes were spatially stable, and most of the
locations of HCI concentrations showed commonalities of having already experienced
hate crimes (Wenger and Lantz 2021).

In summary, geographers have addressed HCI by understanding territoriality and
regional characteristics historically (Flint 2004). Spatial analytical research about HCI
has focused on multiple topics such as spatial dependency (Medina et al. 2021;
Jendryke and McClure 2019; Bernasco and Elffers 2010; Groff et al. 2009; Townsley
2009), interactions between variables on racial discrimination (Lee and Waters 2021;
Wei et al. 2010), and spatiotemporal analysis and visualization of HCI data (Hall et al.
2021; Wenger and Lantz 2021; Bernasco and Elffers 2010).
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4 DISCUSSION: TOWARD INCLUSIVE GEOGRAPHIC RESEARCH ON HATE
CRIMES AND INCIDENTS

Overall, the research methods of geographies in HCI have relied on different factors,
such as research questions and data availability. Particularly, the paucity of official
crime data is a critical barrier to the researchers, and the unique characteristics of HCI
need careful consideration.

First, geographic studies on HCl would avoid oversimplified concepts. To identify
“criminality of space”, someone’s perceptions of “safe” and “unsafe” spaces (e.g.,
home and public spaces) are commonly used; however, this can result in a paradox of
space. For example, one might simply think that HCI usually occurs in public spaces by
strangers, but Hall and Bates (2019) argued that victims often experience HCI in their
routine life, not by extremists in public spaces (see also Iganski 2008). For example, the
place where the mass shooting against Asians at a spa in Atlanta, Georgia, occurred in
2020 shows different aspects of hate incidents. Even though the motivation of the
perpetrator of the mass shooting was not clearly related to race-based hate, six of the
eight victims were Asian. Most individuals consider a spa to be a private service place
not a public space like the streets, where they feel vulnerable when encountering
strangers. However, this spa became the target of an HCI.

Second, the complexity of differences based on individuals’ identities and
relations within the local community should be considered. Even though recent
geographic studies on HCI carefully examine identities and their intricate relations
across space (Pain 2000), HCI is more relational than other types of crimes. Iganski
(2008) argues that the perpetrators are more normal individuals that we might meet
on the streets than extremists. If the perpetrators find an “easy target” in a proper
place and time, the relationships between perpetrators and victims of HCI are
changeable (Chakraborti and Garland 2012). In this regard, HCI can be committed from
one minority person to another minority person. Space is relational, and the meaning
of space continuously changes over time because of different factors, for example,
people’s identity (Pain 2000), time of day, the life cycle of individuals, and their
relationships (Valentine 1989).

In this context, HCI reflects more expressions of exclusion toward an individual
or a group (Chakraborti and Garland 2012). Thus, we need to carefully approach
people’s intersectionality and vulnerability; they may be situated differently in the local
community and may be unreported in the official statistics.

Third, to convey the complicated intersectionality and everydayness of victims
and perpetrators in HCI, different types of data and analyses should be considered. HCI
not only includes physical violence toward a victim but also includes verbal or physical
hate expression. In many cases, those HClI are not reported, because such
microaggressions are less recognizable compared to physical violence and crimes.
Moreover, the practice of law is likely to be biased toward socially marginalized victims.
The victims are also afraid of being treated inappropriately because of their minority
status in society when they reveal their identities (Nicolosi et al. 2020). To include the
silence from marginalized groups in HCI, multiple geographic scales and inclusive
research practices would be useful. In the recent cases of HCI during CVOID-19
mentioned in this study, many Asians were vulnerable in the public space by their
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appearances not by their social identities. Exclusion of community members from
spaces does not occur primarily because of social identities and positioning (Tessler et
al. 2020). The fear of spaces reflects power relations among differences and social
exclusion: for example, who is welcome or not welcome in a place (Pain 2000).

Lastly, the practice of law enforcement and sharing knowledge with the
communities should be reconsidered. As the importance of participatory research and
community engagement has increased, geographers should be more careful about
ensuring more inclusive studies on HCI (Legg and Nottingham Citizens 2021; Mertens
2012). Clayton et al. (2016) also argue that the process of collecting data about HCI
should pay attention to the issues of inequality, social justice, and politics among
different interest groups. According to their work, without efforts to reach out and
engage marginalized communities in the data collection process, various forms of
violence targeting the communities might not be captured in the data. In addition,
Omrow (2020) criticized some existing mapping of COVID-19 that has provided biased
data on the pandemic and “abyssal Othering” (p. 22), the exclusion and nonexistence
of the Other that challenges the global social justice and global cognitive justice.

5 CONCLUSIONS

In this article, we have examined a few of the methodologies and data types that are
widely used in research on HCI. Geographic research on HCl is intrinsically related to
relations between the dominant group and others within various geographic scales.
However, the official statistics of HCl should be taken cautiously due to the lack of self-
reporting and geographers’ inconsistent interests in the criminal justice process. To
bridge such gaps in geographic studies on HCI, the complexity of relations across space
and within a local area becomes important. Thus, geographic studies on HCI pay more
attention to identifying the intersectionality of minorities and more engagement with
the local communities than binary concepts of “safe” and “unsafe” spaces.
Furthermore, geographic studies on HCl need to focus more on the dynamics of
relations among less privileged groups, in this case, Asians or Asian Americans during
COVID-19. Therefore, geographic methods, including quantitative, qualitative, and
mixed methods of investigating HCI during the pandemic, can be useful in exploring
how the pandemic affected groups of people who were socially marginalized.
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APPENDIX 1. CHARACTERISTICS OF METHODS OF HCI RESEARCH

Methods Data Focus Strengths Limitations

Quantitative | Reported official | Relationship Prediction and Missing

(non- crime statistics, between prevention unreported

geospatial) Big data perpetrators’ incidents, De-
(e.g., social behavior, humanization
media data) hate clusters,

hot spots
References cited: Lyu et al. (2023); Miiller and Schwarz (2023); Zhang et al.
(2022); McCann and Boateng (2021); Rowe et al. (2021); Uyheng and Carley
(2021); Velasquez et al. (2020); Ziems et al. (2020); McNeeley and
Overstreet (2018); Benier et al. (2016); Van Kesteren (2016); Mohar (1989);
Krackhardt and Stern (1988)

Qualitative Interviews, Victims’ Including Difficulties in
Focus group, perceptions and | unreported comparison and
Textual analysis, | emotions incidents and prevention
Art-based cases
methods
References cited: Burch (2022); Hall and Bates (2019); Chetty and Alathur,
2018; Tarr et al. (2018); Awan (2016); Museus et al. (2016); Creswell (2012);
McKee (2003); Frey et al. (2000)

Mixed Multiple types of | People’s Increase in data Difficulties in
data perceptions and | validity generalizations

coping strategies due to different
geographic
scales
Holder (2022); Legg and Nottingham Citizens (2021); Lingiardi et al. (2020);
Mullany and Trickett, 2020; Creswell and Creswell (2018); Asquith (2017);
Williams and Tregidga (2014); Guerra et al (2011); Kwan and Ding (2008)

Geographic Quantitative, Characteristics Perceptions Difficulties in
Qualitative, of regions, about generalization
Mixed Geographic geographic and prevention

scales areas, Spatiality,

Territoriality

References cited: Lopez et al. (2023); Clayton et al. (2022); Hall (2022); Legg
and Nottingham Citizens (2021); Steger et al. (2021); Hall and Bates (2019);
Jendryke and McClure (2019); Harwood et al. (2018); Medina et al. (2018);
Clayton et al. (2016); Nelson et al. (2016); Hall (2014); Valentine (2013);
England and Simon (2010); Perry and Blazak (2009); Iganski (2008); Flint
(2004)

Geospatial Big data, Exploratory Everyday Low community
Spatiotemporal analysis, geographies, engagement/
data, Mapping and Spatiality de-
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